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This is a continuation into the investigation on tegtional policiesstarted by conducting individual case studies on
28 public and private colleges and universities & thnited States.In every instanceéhat we have presemtd an
observation or comparison that sheds light on the use ofdptibnal admission policiesye have included every
institution that provided reliable data for the particular comparison.

But unlke a study which captures a single database and conducts a skapalgses on that data, we have collected
data from institutions that became testptional more than a decade and a halfjo, and others that adopted test
optional policies within the lagew years. As a result, only a minority of our analyses draw on the full 28 institutions.
We have tried to provide as wide a framework of findings as possible, while iderfitfiygech analysithe number of
institutions and student records thavere ncluded

Please look for the explanation in the figure description of each chart on how that subset of institutions was selected.
¢ K2dZAK ¢ S a@ectidydgaiivie, $his report cdrestbe considered an anthology of short reports designed
to provde insights into the use of tesptional college admissions policieghe nation in the past decade.

Though the participating institutions may choose to remain anonymous, we wish to publicly thank the deans of
admission and particularly the Institutiah Research staff at each of these colleges for their extraordinary
commitments in helping us to assemble and interpret this massive amount of data in an effort to better understand
how testoptional policies are working at their institutians
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approach for the use of standardized tests in undergraduate admission doe:
reflectthe reald GASa FIFOAYy3I 2dzNJ yIGA2yQa Yl
These institutions differ greatly in size, selectivity and mission. At some, standai
iSaida FTNB AYLRNIIFIYyd LNBRAOGZ2NR 27F &
add little canpared to high school gradeés.

NACACommission on the Use of Standardized Tests

Undergraduate Admissior2008

EXECUTIVE SUMMARY

The number of colleges usifigst Optional PoliciesTOPs)n higher educatioradmissions has dramaticalixpanded

in recent yearsAnd theseO2 f f S3Sa KI BSzefits-@lE A RityR/aRed2wAyS to administeFOR and
experiencing varied outcomeMuch of the momentum around Te€ptional admission is focused on whether the
use of standardized tes{specifically SAT and AGQHhecessarily truncates the admissiari otherwise wellqualified
students In particular, there is concern about whether widespread reliance on the use of tb&tsdn the admission
process tends to replicate the status quaosiocial class and opportunity in our American society.

In this study, wecollected studentrecord leveldata from 28 institutions thatllustrate the variety among institutions

that have adopted a TOP. They ranged in undergraduate enrollments from b,200000 and 15990% ih admission
selectivity, and includetbng-time users of TOP as well as recent adopters of the policy. In most instances we received
four cohorts of student data, in total representing a dataset of 955,774 individual applicant retdefscused on
interpreting the data using practical significance rather than experimental statistical techniques.

A TOP was described by many of the admission deans of the participating institutions as a tool they empleyed
hope of increasing apjgiations from a more diverse range of studerss, this report focusegreat attention on
traditionally underrepresented populations in American higher educationddso, we used our reco#iével data to
identify theintersectionality of these underser@d populations FirstGeneration College Bound, students from lower
SES backgroundPell recipients as proxyand students from racial and ethnic groups that have traditionally been
underrepresented in college populatiorldRM. We identified students aciated withanyof these three groups and
RS&AAIYIGSR GKSY +a | aAy3d S PRISRAENBELIZFAKNIESE yRERR 5A B S
The experiencesf institutions in this study provide evidence that the adoption ofvall-executedtest-optional
admission policgan leadto anincrease inoverall applicationsas well as aimcrease in the representation of URM
students(both numeric and proportionate) in the applicant pool and the freshman clmsghly twothirds of our
TOP institutins experienced URM growth above that of a matched-tegtiring peeiinstitution. A similabut smaller
magnitudeincreasewas seen among Pell recipients.

Approximatelyone quarter of the students in this study did not submit standardized test sconegh their college
FLILE AOFGA2Y 6KSY OST2 NIt Yk ASHRAMENSTRS MNBsERM) RirstGederationtd-y
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College,and Pell recipientswere more strongly represented among N&@ubmitters For instance35%of Black or
AfricanAmerican studentshose to be NotSubmitters(12 percentage points higher than theverallnon-submitting
rate), as compared t4.8% of white studentsSimilarly, women chose to be N@ubmitters at higher rates than men.

We also found that NoiSubmitters vere oftenadmitted at lower ratesthan Submittersbut, on averagegnrolled
(vielded) at substantiallyhigherrates. Their HSGPAs were modestly lower than the Submitters, and, upon entering
college their First Year GPAs and Cumulative GPAs were compéoaldr. Howeverthey ultimately graduated at
rates equivalent to, or marginally higher thaisubmitters the ultimate proof of success.

Furthermore, our data indicated thdtigh school GPA had a stronger correlation with college success for Non
Submitters than the ACT/SATfor the 27%of NonSubmittersfor whom we had test scores)both in terms of
college cumulative GPA and graduation rat¢hile test scores had a generally stronger relationstiip college
GPAs for the Submitters, for the N&ubmiters they tended to show a weaker relationship, essentially under
predicting the college GPAhetest scoresontinued to most strongly correlate with family income.

A financial analysis, though inconclusive, suggested that some degree of financimhenesas required to support

the success of a TOP policy. While the proportion of students with need did not necessarily increase after policy
adoption, average demonstrated need and gift aid per capita Niol-Submitters were generally neediethan
Subnitters. They also, however, includediaable proportion of NeNeed studentspnly modestly lower thathat of
Submitters. We noted that well over half of all lNied students were offered some gift aid, but-Need Non-
Submitters were less likely than ®mitters to receive gift awardsin spite of the fact that these two groups were
shown to graduate at comparable rates.

We cannot lay claim to definitive conclusions about the workings of adgbnal admission policy. However, our
findings suggest thaa TOP works well for many types of institutiondt appears to offer a less obstructed path to
higher education fothis population of students who feel that their scores do not match their abMig.do notargue
that institutions should entirely elimiate consideration of the ACT and SAT for all their studemisvever we do
continue toquestion whether the valueadd of testing is large enough to justify the pricgime spent, financial cost
and emotional drain being paid by studentslue to societal pgoccupation with these tests.

We find that there is plenty of room in American higher education for diversity of procdksying test-optional
admissiono O2 Yy i NA 6 dzi S G2 GKFG RAGSNEAGE® {2YS KI @St $§Kqg SRER W2
we agree. Indeed, when a student chooses to be a-Sobmitter,that, too, is a valuable piece of information.

a2 S Klead@ide drawn from how well TORorks
for first gen and diversity, and kids with special talen
For us, removwig the testing was a big help limoking at
SOSNRGKAY3A St aSosé

Dean from a small private college
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OBSERVATIONS ONE TESOPTIONAL MOVEMENT

Arapidly increasing number of colleges and universities have adopteebpeigtnal adnissionpolicies, or TOPs, that
allow some or albf their applicants to refrain from submitting standardized test scofé institutions that officially
deemphasizestandardized tests in admission now total more than 1,000, including over 100 mod+kr-profit
institutions' in the past four yearqFairTestList, 2018) From early adopteTOP institutions (Bowdoin in 1969, and
Bates in 1984) to those recently adopting a TOP (Wesleyan and Bryn Mawr, both inG8drge Washington
University in 201F sane ofthe institutions choosing a TOP have national reputations for excellence. But TOP is not
used just by highly selective private institutianthe FairTestist covers a range of public, regional private, and also
for-profit institutions. A wide variey of institutions lave found TOPs to be workable, productive tools to support their
enrollment planning.

The momentumof the TestOptional movementappearsto be fed in part by several overlapping changes in how

academic promise and outcomes are beinglaated. Collectivelythese changes ammaoving admission decisions away

from heavy reliance on measures increasingly deemed to provide a narrow assessment of human potential- Many K

12 schools are moving toward proficiency and standdralsed evaluationsThousands of high schools have stopped
LNEGARAY3 /fraa wktylzZ +ta I FrtasS 2N YAatSFRAY3I YSI &dzNB«
FRYAdaA2ya LIKAf282LKASAT dzaAy3d ¢ht &3 | yResdkenrik Masgra 2 F @
Transcript that encourage students to provide evidence of individual talents and commitments. Collectively, these
changes are decreasing the reliance on test scores and class rank to guide college admission decisions and guidebook
rankings. Experiments are drawing on the findings of Admissions reform groups like the Institute on Character and
Admission, or several eB2 Ay 3 NBaSI NOK LINR2SOGay GKS a¢dzNYyAy3d (GKS
Snapshot from the Enroliment Piaing Consortium, or the Master Transcript Consortium.

As this policy has become more pervasive, researchersihagstigatedits relative success. 2015 study out of the
University of Gemia (Belasco, 2014pund that, at the aggregate level, seleetiliberal arts colleges that adopted a
TOP (in comparison with those that continued to require SAT or ACT scoresdthadreased their enrollment of
URM students or Pell recipients.Bafocusing on these highevel,averaged outcomes, that study magt have leen
able to discern impact at the institutional level.

There has also beemproliferation ofresearch on standardized testing in admission focused on the predictive value of
testing and its fairness relative to various subpopulations of sttalévuch of the research affirming the value of the
SAT and ACT has been conducted by the testing organizafinasuch study, a synthesis of rectadt scorevalidity
studies(Mattern and Patterson, 20143tates that the SAT provides incremental vigficabove and beyond HSGPA in
the prediction of cumulative GPA, retention and graduation.ifoenclusionthe combination of HSGPA and testing
will producethe most accurate predictions of college successother recent release, a juspublished volumeof
essaysMeasuring Sccess: Testing, Grades and the Future of College Admi¢Biaridey, Letukas, and Wildavsky,
2018)is principally a response by the College Board A6d to the rapid growth of TOPs

1 TheFairTestistincludesmany®2 £ $38a (K § 2 NBS NI 2 NK It NPATF-REBWINGapisaRs toCioGE khili f&m of
testing to submit. The 28 institutions in this study, allf@tProfit and noneusingad ¢ S a i  @dicy &ré danSrém two groups on the
FairTestists: the 129 National Liberal Arts Colleges and National Universities, and the 174 Regional Colleges and Universities.
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Challenges to the pervasive use of these tethtsir actual valueand theirnegative impact orstudents have come in

a number of bookgCrossing the Finish Line: Completing College at America's Public Univ@@sities, Chingos,
McPherson, 2009)SAT Wars: The Case for Test Optional AdmigSoass, 2012) the work and recommendations

of the NACAC Commission on the Use of Standardized Testing in Undergraduate Admissions, the ongoing work of
FairTesta thoughtful documentary film released in early 2018, "The Test and the Art of Thi(Rengs, 208), and a

variety of articles and smaller research projects.

In particular, the exhaustive research availabledrossing the Finish Lifeas been centrally important in this
discussion. The authorthe late William Bowen and Michael McPherson, the famPresidents of Printen and

Macalester respectivelywith their research colleague Matthew Chingos, addressed whatacteristicpredicted

graduation at a group of large public universities. Their data was drawn from institutions that requiredrstized

tests from all studentsy 2y S 2F (GKS dzyA@SNEAGASE (GKS&@ &ddzRASR KIFR |
automatic admission granted to students who meet-offt requirements for HSGPA. In the chapter which examined

the predictive value ofest scores and high school grades, they reported that:

¢tKS FTAYRAY3IEA INB RNIYIFIGAOD XGKS O2STFAOASYyGa F2NJI {! ¢k!/
in test scores of one standard deviation is associated with an increasesahées 2 percentage points in gigar

AN} Rdzk GA2y NIGSAT (GKAa NBfFIA2yaKALI Aa SgSy yS3rdaags i
consistency of the results is extraordindryall but one of these more than 50 public univiesi high school GPA remains

a highly significant predictor of spear graduation rates after taking account of the effects of test scor8®st scores,

on the other hand, routinely fail to pass standard tests of statistical significance when inglitdéddgh school GPA in

regressions predicting graduation rates, especially when we leave the realm of the most highly selective public
dzy AGSNEAGASEAX XOGKS NBYFAYAYy3d AYyONBYSyidlft LINBRAOGAGS LRg
controk for the high school attended, whereas the predictive vafu@eohigh school GPA increaséowen, Chingos,

McPherson, 2009)

In 2014, William Hiss and Valerie Framksvo of the three ceauthors of this study releasedDefining Promise:
Optional Standadized Testing Policies American Atege and University AdmissigHiss, Franks, 2014).was the

first largescale, multinstitution assessment of the outcomes of optional testing, and extended the research done in
2010 by Hiss and his-@uthor Kae Doria,in a 25year lookback study orthe outcomes othe policyat BatesCollege
(Hiss, Doria, 2010)

The 2014 research revealgdatt when given the option at one of those 33 TOP institutionsroughly a third of
enrolledstudentschose to applywithout standardized test score®dNon-Submittess). These NorSubmitters went on

to graduateat virtually the same rates (a 0.6% difference) anchwigarly the same college GFR05 of a Cum GPA
point) asthe Submitterswvhose test scores were considered in thevassion process. Their research also concluded
that Non-Submittess were more likely to be firgjenerationto-college, underrepresented minority students, women,
Pell Grant recipients, and students with Learning Differen&es, usindarge volumes of HS® datatheir findings
underscoredhe sturdiness of the HSGPA as a predictor of college performance

This research highlighted an interestimgersection between the testing agenciemd that of thecounter viewsA
meta-analysis of studieg8 ¥ & R¥ & O NIS NIF 2edMlédih@d & E | dzF NIISNJ 2 | GKANR 27F
22YS8 RSINBS 2F YAAYFGOK 056 S Wihinthik GrouplappisdinfatBiihalf ofthem i K S A N.
have high school grades that are higher than what the testslaévpredict. Across the studies cited, the range appears

to be between 11% and 8 of thesamplepopulation(Sanche& Mattern [Making the Case for Standardized Testing]

in Buckley2018).
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Another related study identified the students most likely to hateong HSGPAand low testing: women, First
Generation to college, low income students, and students who speak a second language at home. Furthermore, those
most likely to be discordant with weaker HSGPAs and stronger testing are males, whites, amf thigher income
(Sanchez and Edmunds, 2015).

We would emphasize that the results only include those students who took the tests. It is quite plausible that there
are other students who might have succeeded in college, had they been encouraged, fouightmeentor, or were
y2G a2 RAa02dzN} 3SR o0& (GKS Oz2aidao LT 423 G4KS NBIf aRA&

And it is worth noting the parallelsetween the proportions noted in the above studies and the median percentage

(23%) of students choosing to Béon-Submitters at the institutions in this studyDoesTOPindeed serve this
GRAAONBLI yiGé LRLMzZFGA2y 2F aitdzRSyidiak 52Sa Ad NBRdAzZOS IR
study desigrcontinues with the full list of research questioasd explains how we went about answeritigem.
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STUDY DESIGN

We begarthis study by reviewinthe FairTestist of 1000 colleges and universites with one form or another of optional
testing. In contrast to our 2014 study, we eliminated any higéhecidized institutions (e.g., art institutesjVe tried

to achieve a balance of institutional types, sizeslectivity,and geography, as well as to have representation from
institutions withdifferent approaches to TOP. We approached about one hunish&dutions to discussvhether they
would consider joining the study. We launched the study iinterested institutions that felt they could provide
reliable data for the multiple cohorts needed for the study.

To give us context, we interviewed the DeanAaimissions or Enrollment VP at each institution in the study about
their rationale for adopting a tesbptional admission policy as well as commentary about how well they felt it was
working at their institutions. In many instances, the current dean hatibeen at the institution at the time of
adoption, sathey relayed their best understanohg of the circumstances at thieme of adoption

We receiveda large set of data: from the 28 colleges and universities, we received 955,744 student records, with up

to 40 data items in eachtudent record. With any daget of this size, there will be elements that require careful
examination and decisions about clarity and reliability. However, all data in this study comes from participating
colleges and univsities or from IPEDSAIl data was carefully checked and cleaned for consistency and accuracy,
leading in almost every case¢tarifyingfollow-up communications with Institutional Research or Admissions research
directors.In some instances, new coding scHem 2 NJ OKIl y3Sa Ay O2YLlziSN) agadasSvya A
abililty to provide comprehensive information across the span of the study.

We usecommonly accepted statistical methologi@escriptive statistics,-tests, chi-squaes, Cohen's o present

data and highlight statistical significangcéout we have avoided highly complex"semiexperimental” statistical
methodologies Rather, wery to present the datan a straightforward fashion: Which students were drawn to being
Non-Submittes of tesing? How did Submitteis and Non-Submitteis compare in high school achievemgmind
subsequently in college performance? Did adoption of a TOP &waveY LJ- OG 2y (GKS AyaidAaddziazy
enrolled classes®id these institutions treaSubmittes end Non-Submittess differently in their admission and aid

policies?

The study was not designed to come to a single conclusimut the use of tesbptional admission policiedut to
explore agnanydimensionsaround the policy as possibleWebegan by coducting individual casstudy analysefor

the 28 public and private colleges andiversities They have all been guaranteed anonymisp this report uses
aggregated data from subsets of institutioasd avoids institutionallydentifiable information Below each charor
diagram is aescription ofthe number of institutions and records included, along with a brief profile. In every case we
have includedall the institutions that had reliable datfor the analysis being presentedhis report is a sers of
observations, rather than a series of parallel findingsa single set ofata.
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What are the principal research questions?

In an effort to shed additional light on the impact of a tegtional admission policy, this report explores several
pertinent questions about tesbptional admission:

E If an institution adopts a tesbptional admission policy, does it reduce admission barriers, thereby
encouraging more students to apply?
Z Does adopting a testptional admission policy help an institution attt and enroll moréraditionally under

represented minority URM) first-generationto-college, and IowSES students?

E 126 R2 AyalGAlddziaizya aidNBIF ¢ & doRsSrgnm the adniisBionforiod®@sS OK 2 & S
in both their admission desions andheir aid decisions?
Are there institutional financial implications to adopting a tegtional admission policy?

Z Who are theNonSubmittels -- the students who use a testptional policy? How do they perform
academically in college comparedstudents who do not use the policy? This portion of the studyrées a
testing of the findings from "Defining Promise”, with a largely different group of institutions, but a parallel
methodology.

We are conscious of, and accept, the responsibility to Hhigestudy examine both the ethical issues like access and
diversity, and thestrategic issues of yieldshanging classes and potential financial impact on the institution.

™

What types of institutions and policies are represented in this study?

Wefocusal our participant recruitment od-year, degreegranting IPEDSubmitting, public and private ndbr-

profit institutionsin the United StatesWe theninvestigaed the breadth of testoptional (TOP) policy types

employed by institutionsinthe U.ShelS A a y2 aidl yRI BRIREFAYVAGRYK azR 284G S|
to define and implement a variety of policied/'e organized the various versions of the policy in common categories,
andwe found, in approximate numbers, the primary types @PTused by institutions (in rank ordefrfrequency

they were observell Academic Threshold, Optional for All, Optional Plus, Optional for Sm&est FlexibleThe

most commonly used policiesOptional for All and Academic Thresholdiere of particularmterest, as was the

Optional Plus policynstitutions with Test Blind and Test Flexible policies were not considered for inclusion in this
study. While considered, no Optional for Some institutions were included in the study due to small numbers of Non
Sibmitters. Figure 1, below, describes each policy in more detail, estimates the proportion of that policy type
represented in the U.S., and then counts those represented in the present study.
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Optional for AllPolicy

¢ Allows mostor all
students to choose
whether or not to
submit
standardized
testing scores as
part of their
admissions
application.

- If any exceptions are
made, homeschool
and international
students are required
to submit some form
of test (SAT, TOEFL,
ACCUPLACER, etc.).

39%

17

Optional Plus Policy

* Non-submitters are

required to

supplement their

application with an
interview or extra
writing samples.

- Examples of
replacement
submissions include:
Interviews, non-
cognitive tests, extra
essays, graded papers.

9%

TEST OPTIONAL POLICY TYPES

.

Optional For Some

Policy

Testing options are
offered to some
student groups, but
not others. For
example, the policy
is available to
students unless...

- Student wishes to be
considered for
scholarships / aid

- student wishes to
enroll in a particular
school (nursing,
engineering, etc.)

- studentis from out
of state.

Academic Threshold
Policy

Students who meet
certain academic
criteria (e.g., rank,
GPA) are admitted
without standardized
testing scores as part
of the admissions
decision.

Often, but not
exclusively, used by
public institutions, and
called Assured or
Guaranteed Admission.

Approximate Proportions on FairTest List

5%

46%

# Represented in the Study

0

Figurel. TestOptional Policy Typess of Spring 2016
Ths investigation and categorization focused on IPEDS Reporting, Degree graiytag, Rublic and Private Néir-Profit Institutions on the

FairTestist.

2

Test Flexible Policy

Test Blind

Not Qualified for Participation in Study

¢ Students have the

option to submit

scores from other

testing in place of
the SAT or ACT.

- Examples of
replacement tests
include: International
Baccalaureate,
Advanced Placement,
SAT I, Regents.

1%

® Scores may be

submitted, but they
will not be
reviewed by
admission staff to
make the
admission decision.

- Rarely used, mostly
by small private
institutions

<1%

Some institutions (including many public universities) have a required HSGPA or class NorkSabmitters, often
a requirement from a state education agency or the legislatWe. have referred to this form of TOP dacademic

OKNBakKz2f Rz ¢
of patticulari KNS &a K2t R AyaldAlGdziazya

Ay

adKI G

institutions than this 2018 study¢ K S
universities, and the GPA reigement at the California State University system. Those requirements often become a
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selffulfilling prophecy of student success in college. While sometimes contentious, a number of these policies have

been in place for many years and seem to work sudabgso open these public universities to a wider pool of

applicants.

It should be noted that some institutions could fit the definitions of a couple of categories and/or have migrated from

one to another. For instance, some institutions require thatwdent exceed a particular HSGPA to be eligible to be a

Nor{ dzo YA (i (G SNE

o dzii

R2Yy Qi

3dzZt N> yiSS

I RYA&aaAzy

g2

iK2as

regard to test scores) to anyone abaw@articularGPA. The latter would clearly be catesied an Academic Threshold
policy, whereas the former could be considered either Academic Threshold or Optional for Soauition, some

institutions shift from one version of the policy to anotie2 T4 Sy FTNRY

NBaidNROGA DS tahthdi delcynifdrtabie Ritithe usd ahd implementation of the policy.

Also note that we included only a small representation of Academic Threshold instituisahesscribedabove, atmost
Academic Threshold institions students above a particular HSGPA or class rank are automatically considered without
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scores Therefore the chartsin which wecompare dSubmitted ¢ Nb@Sulimitte& ¢ ¢S KIF @S (e LA Ol f t &
' OFRSYAO ¢KNBaK2fR AyadAalddziazya oS OlbreRabhittéskK24S adGdzRSy G a

For this study, we sought to include institutions of a variety of sizes, levelseatis#l, and geographical locations.
We sent initial inquiries to the deans of admission at about 100 TOP institutiondpkowed up with those who
responded to our initial inquiryNot all that wanted to participate were able to provide the volumedafa we were
requesting of themHowever, as outlined belovthe 28 institutions that are included in our study represent a diverse
group of institutions

Category Co.u nt.of
Institutions

Control
Private not-for-profit 24
Public 4
Institution Size Category*
1,000 - 4,999 17
5,000- 9,999
10,000- 19,999 1
20,000 and above 3
Carnegie Classification: Basic
Baccalaureate Colleges 14
Master's Colleges & Universities 7
Doctoral Universities 7
Selectivity
<30% 4
30%-50% 10
51%-70% 9
>70% 5
Endowment per FTE
<$20,000 6
$20,001-$50,000 5
$50,001-$100,000 4
$100,001-$200,000 9
>$200,000 4
Geography
Far West 2
Great Lakes 3
Mid East 8
New England 12
Plains & Southeast 3
URM Enroliment
<10%
10%-20% 15
21%-30% 7
31%-40% 2
US News “National” or “Regional” Ranking
National 20
Regional 8

Figure2. Participating Institution Profile The first seven sections of data drawn frédREDS dat 2016 The last section from USNWR rankings,
2018.*Note, the institutional sizes here reflect total enrolimeniscluding graduate programs, whereas the sizes referred to in our report refer
solely to undergraduates.
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Among our participating institions, the proportion of NonSubmittersat each institutiorranges widelyt from 2% to
52%. Excludinghe AcademicThreshold institutionsthe meanis 21.5% anthe medianNon-Submitter rateis about
23%.

Non-Submitter Rates, by Institution

Figure 3. TweYearAverage Applicant NoiSubmtter Rate, by Institution

Exclusion: One institution that did not have N8nobmitter proportions

272 institutions| 103,088 NorSubmitters | 395,043 Submitters

Enroliment = 1,500,000 (2,400 ¥) | Endowment per FTE = $5,66800,000 ($65,000 M) Admi Rate = 15%90% (43% M)

What data was collected and how was it used?

To allow us to assess changes in the admission funnel beginning with the applicantfpmol®achinstitution we
received recordevel data consisting of40 variables (see appendiar detailed list ofdata definition3 for every
applicantfrom two cohort years prior to adoption of their tesptional policy and two cohort years after adoption of
the policy. The exceptions to this form of data gathering wereftie institutionsthat had adopted a TOP prior to
2004 and were unable to submit data from yegvsor to their adoption of TOPs, arntiree of the fivemost recent
adopters that could provide data for only one cohsubsequento their adoption of a TOP.

All data for thestudy was submitted on a "blind crosswalk" basis, where the institution created a random record ID
number for each student record, and only the institution kept that "crasdk." The study received no identifiable
individual information, and weguarantea confidentialityand anonymityto the institutions in the study, as they
shared a great deal of data with us. At the conclusion and gatiin of thisstudy, each institution can decide if they
wish to announce that they were participants

The followirg subsections summarize each important area of data collected, and how it was transformed for analysis.

21 12y NBOSALIW 2F GKS RFEGFZ ¢S £ SINYySR (dyivas na abls to AcEurateli iSent®ubiniiies &fy | £  F2 NJ
testingversusNon-Submittess of testing. Thereforthey have been excluddtbm theanalysesn places where those student groups are compared.
3¢KS OFLMAGEHE daé &ldlyRa F2NJ aSRALY
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A primary focus is on exploring the impact of adoption of a-tggttonal admission policy on the size and composition
2F | Ozt t S3S Qafrorh &Misaat pdoR? thiroughdaghyittBd students, to enrolled students. Additionally,
we have explored the differences between thion-Submitteis andSubmittess at each stage of the funnel. This

conceptual framework underpinned our approach to gatherimganizing and analyzing the data.

Applications

N o/

Decisions Rendered

—

Admissions Rate

| Yield Rate |

Enrolled Class

'
Graduation Rate

Figure4. The Admission Funnel Framewarkor the purposes of this study the Admission Funnel has been expanded to include a category of
DecisionsRenderedand concludes with a category @raduation Ratgasa measureof student succegs

The traditional admission funnel includes prospects, inquirers, applicants, admitted stydedtsnatriculants. For

the purposes of this study we collected data beginning with Applicants and added aofagesessment we have

labeleR G5 S BAERASZWERE O 0 ONBGALFGSR a a5wévx alAyda GKS Aya
actually rendered a decision (admit, deny, waitlist). Thus, the number of DR applicants excludes applicants who
remained incomplete and those whaithdrew their applications prior to receiving a decision (emgade anEarly
Decisioncommitmentelsewhere). This gave us insight into the inner workings of the policy, for instance, identifying
whether Non-Submittels were completing applications at raequivalent tcSubmitters.

In addition to the funnel data, institutiongrovidedthe following categories of information on each student (details
available in the appendiypage73):

1 Racial and Ethnic Student IdentificatiolPEDSlefined categories ofacial/ethnic identification.

f High School GPA Datd { Dt ' & $SNX NBLRZ2NISR (2 dza Fa NBO2NRSR
Institutional Research officedVe didan extensive individual analysistbé GPAs reported bgach of the 28
institutions in the study,usingwhateverscaleghat institution provided and allowing for the GPA scales to
exceed the traditional $oint scale No imputationswere used in analysi§or the analyses in this combined
report, we truncated all HSGPAs at 4.0.

1 Standardizedlest Score DatéACT and/or SAT sconesre gatherecanda concordance tabléCollege Board,
2009)usedto convertACT score® SAT scores$-or simplicity, lhreferences in the report refer to them simply
as SATs. The new SAT had not been taken byt wfdsie student cohorts in this studCollege Board, 2016).
27% ofall Non-Submitterrecords contained a test score.

1 Financial Aid DataThe data was categorized into segments (details in the Appendix) using the following
financial aid numbers:

4Only one institutio submitted a few ACT test scores from students post 2016. For this institution, the more recently adopted concordance table
was used (though its validity has been disputed by ACT).
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- Expected &mily Contribution (EFQ)At some institutions this was the federal EFC, and at others it was
an institutionallydetermined EFC. Because were attempting to assessd awarddifferences between
Submitteis and Non-Submittess at the individual institutionwe sought whatever EFC they used to
determine the need for aid.

- Total Gift Aid; Werequestedthe total gift aid (from any source) received by the student.

- Pell Grant RecipientsWe asked intstutions simply to identify any student receiving a Pell Grdnut did
not ask for the specific amount of the Pell Grant.

- Merit Aid Recipients, We asked them to identify any student to whom they had awarded-need
oFlaSRE aYSNRAGE IATFU ARO®

1 Academic Outcome Datddrst-yearcollege GPA (FYGPA), most recent (al)fi@umGPAnajor designation,

a current student enroliment status, and an-tgppdate sameschoolgraduationstatus for all students who

enrolled. We usedgraduation status as our ultimate measure of student academic sucthssdata was

collected in 2016

I Test Requiring InstitutionsPeer DatalPEDS data for both the TOP institutions and their Test Redaaiécyy

Peers(TRP Peerdpr each of the matched cohorts of studen{&or more detail on the selection of Peer

institutions, see pagel9and 76)

What is the sample size and composition?

We gathered information from 28 institutions, four public and 24 private, of various sizes and levels of selectivity. Of
our 28 participating institutions, 2@vere new to our research anl wererepeats from the 204 study, but with new

class cohorts of data. Their undergraduate enrollments rdrfgam about 1,500 ta20,00Q and their admit rategin

their TOP cohort yearsange from15%90% (15%480% among the privates, with a median of 43%)

We wanted to examinéata from institutions that had varying years of experience with the policyheretis a range

of policy adoption timefames represented in the stud¥ourinstitutions adopted their policies prior to 2004, five
adopted their policies very recently, atide remaining institutions adopted the policy between 2004 and 20¥ith

the exception of the earlieshdopters, each of them provided data for two cohorts just prior to adoption of their
policies and two cohorts post policy adoption.

We asked institubnsto submit thefirst cohortafter they adopted the policyto allow for a full cycle of trial before
starting the policy analysiSeven submitted Post OPdatabeginning the first cohorimmediatelyafter they adopted
the policy,and the other instittions submitted data ranging from two to six years after adoptmalign data for a 4
5 year graduation rate compariso@ut of necessity, our subset of most recent adopters provided beaggnning with
the year they adopted the policy

How was the dataanalyzed and summarized?

We have a large set of data with many different facéts.noted above, this study was designed not to reach a single
conclusion, but to examine and share a wide range of findimigally, we did an extensive analysis of thealéor

each institution individually, searching for common patterns and themes, as well as identifying any apparent
inconsistencies that might require clarification by the institution. After these conversations, it was sometimes
determined that there wasisply missing data or, due to changes in computer systems at the institution, there was
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inconsistent data across their cohorts. In these instances, we decided to eliminate that particular data element and to
exclude the institution from comparisons that veedependent upon that data.

At the institutional level wefocused on the differences betweeSubmitteis and Non-Submitters at various stages in
the funnel.To give an illustrative example of the data gathered, the following chart outlines the funnéatyabj the

numbers.
2007 Firsttime, full time, undergraduate,
entering in the fall of this cohort year
Total applicant count Applicants 5678
. 57% Admit rate based on total applicants
Total admits Admits 3210
. . 30% Percent of applicants with a decision-rendered
Decision-rendered applicant count DR Applicants 4567
Repeat of total admits DR Admit 321070% Admit rate based only on decision-rendered applicants
38% Enrollment rate or yield rate
Enrollg 1234
73% Graduation rate
Graduates® 899

Figure 5 The Admission Funng] lllustrative Example of TabledData requested of the 28 institutions in the study.
FC2NJ GDNJ Rdzt 1Sa¢3% LI NIAOALI GAY3 AyalAlddziazya &doYAGGSR Fy dzZRIGSR

This tdble was summarized for each institution for each cohort year submitted, éivenagel acrosspre-policy years
and acrosspost-policy yearslt was then fitered bythe demographic and adission behavior data we collected, for
instance:gender, race/ethnicity, athletic participatiomigh school type, Early Decision usage, familynfirz status,
andfirst-generationto-college status.

In this report, whenever there is a single data point provided for an institution (e.g., admit rate, percentage of URM
students, proportion oNon-Submittess, etc.) it represents araverageof two cdhort years of data (i.e., the two pre
adoption cohorts or the two posadoption cohorts) whenever that data is available. In some ch#rts averages
represent averages aachindividual institution whereas in other charts we present tip@oled studentdata using
individual recordsacross a subset of institutior(e.g., the graduation rate foBubmittess is derived by pooling the
number of all the graduates for that set of institutions and dividing it by the total number of students who enrolled in
those same cohorts). We have tried to present the data in whichever format provides the clearest meaning for the
reader, and in some cases we have provided more than one format.

What are the research limitations?

To summarizethis study is &ase studyexplaation into the role of testing in college admissions. Its very strength is
in the attention paid tounique scenarios at each institutipfollowing through to detailed understanding afimission
and enrollmentpatterns. However, thesare the limitationghat comealongwith this case studypasedapproach
1 While we were able to recruit a wide range of institutictesvolunteer participation irthe study,and we
learned quite a bit about each onéhe sample size was not large enough to be considetefinitively
representative of institutioror policy type.
1 Each institution in the study maintained different record keeping practices, data definitions, and data
governance policies. Our very detailed data request famd data transformation approaahitigated many
of these differences. Howevewe rarely receivedidenticaly comprehensivedatasets from any two
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participating institutiors. Thisled us to declare certaiaspects ofsomedata submissiosas unavailable,
unreliable, or irreconcilable. We have nedotes ineachFigure description to this effect.

Working with historical data meant thahere were sometimes inconsistencies across cohorts at individual
institutions due to changes in computer systems or data coding schgimdarly, the current staffiere often

not thosewho were at the helm during the time of policy adoption. Therefove understanding of context
surroundng the policy (e.g., motivaticior adoption, concurrent initiatives, financial aid packagrategies

and so on) was not alwa clear.

The natue of our study inherently dealvith selfselection bias, both at the institution level (e.g., each
institution made the decision to adopt TOP) and at the student level @lgout two of the institutionsg
those with threshold polies -- had policies that allowed students to chooewithhold test scores in the
admission process). There are a number of underlying motivations, and demographic and psychographic
elements that we cannot account for in this stydgndering the determiation of causationmore difficult.
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PRINCIPAL FINDINGS

We open our findings with an homage to the variability of institutiofe present two case studiesiostitutions that
effectively realized the goals they set for their F€gitional Policy. Whal trying to provide a clear picture of the
institutions, in order to protect their anonymity, we have kept some of the descriptive information broad.

Institution A
Large, urban, private, nebr-profit

Thisinstitution described TOP as a means of formalizing wi
they had been doing all along, oD A @S & (i dzRSy (
Fo2dzi K2g¢g GKS& YAIKEG oyl

They described the process of transitioning to TOP as larg
uneventful, requiring a fewnore temporary readers to aid
the transition because without testingyou typically need to
look more closely at the high school record, the rigor of the
OdzNNA Odzf dzYZ YR (KS &a0Kz22f

After adopting TOP, our data revealed that the raolicy
drew a smaller than average proportion of students who di
not submit testing (9% vs 23%). And, although they increas
applications, they grew proportionately more slowly than
their matched TRP Peer.

It was a different story for URM students. Trayolled
substantially more of these student$q percentage points
more) than they did prior to adopting TOP which was
proportionately a 76% greater gain than their TRP Peer. S
in spite of having their applicant pool grow at a slower pace
than their TRP Peer, they were able to make substantially
greater gains in enrolling URM students (and to a slightly
lesser extent with Pell recipients and Fi&éneration
students).

As compared to the prpolicy cohorts, the enrolled TOP
cohorts saw d2 percentagepoint rise in the proportion of
students with need and although this institution did not
submit data on gift aid, it likely had to increase aid
commitments to support this growth.

Once enrolled, Submitters had a marginally higher CumGF
than NorSubmiters, but both the overall population and
the URM populatiograduated at virtually identical rates

Institution B
Small, suburban, private, nédr-profit

This institution was motivated to adopt TOP because they
thought the testrequirement was preverihg some students
from applying.

After adopting TOP, the applicant pool grew proportionately
faster than the TRP Peer (proportionately 40% more growth),
with Non-Submitters comprising 19% of the overall pqal
slightly lower proportion than the majoritgf the institutions in
the study.

Their percentage of enrolled URM studemtas17 points

higher after they adopted a TOP, which was proportionately a
75% greater gain than their TRP Peer. As with most of our
institutions, they admitted NofSubmitters &a substantially
lower rate than Submitters (15 percentage points lower), and
the NonSubmitters enrolled at a substantially higher rate (23
percentage points higher).

At this institution, the pospolicy cohorts included a lower
proportion of students ith need (11 percentage points lower),
than the prepolicy cohorts, buNon-Submitters wereon
average,$4,000 needierTo the detriment of higher need
students, though, this institution seemed to favor low and no
need students in its awarding strategy.

Once enrolled, Submitters had a marginally higher FYGPA ai
CumGPAH0.09 and+0.07 respectively) than NeBubmitters.
There are mixed results from the two graduating cohorts, with
Non-Submitters graduating at a higher fouyear rate (8 points
higher) thanSubmitters, butower from the earlier cohort with
a five-year graduation ratg(4 points lower). We offer no
speculation on the difference other than that perhaps as they
refined their review process for NeBubmittersg they got

better at it! For both tte fouryear and fiveyear cohorts, the
URMNon-Submitters graduated at a consistently higher rate
(7 points higher) than the URM Submitters.
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Encourage more students to apply?

All institutions saw an application inase, but just over hafawapplicationgrowth greater than that of a matched
testrequiring pee(TRP Peer)

We interviewed the admissions dean at each of the 28 participating institutions about the impetus and the goals behind
4 KSA NI Ay & GianbtaiT®RIhenHad notfal bedh in their roles at the time the policy was adopted, but the
recurring theme was that a major goal had been to increase applications, particularly among underrepresented student
groups.

Not surprisingly, oudata revealghat participating institutions saw application increases after policy adoptibine
overall average increase in applications was 1,@261 a median of 1,234With an average increase of 29% at the
private institutions in the study and 11% at the pehhstitutions. Note these application increases represent various
spans of time from the date an institution adoptad OP to the date of the latest cohort they submitted for the study.
These time spans range from one year to six yeantected duringhe period ¢ 20042016

Application Count Comparison: Pre-vs-Post Policy Years

mPre-Policy mPost-Policy

Institutions

o
n
°
8

10,000 15,000 20,000 25,000 30,000

Application Count
(Average of Two Cohort Years)

Figure 6.Pre-Policy vs. PosPolicy Comparison of AveragipplicationCounts, by Institution.

Exclusions: Four policy early adopters

24 Institutions | 888,02 Records

Enrollment = 1,500,000 (3,000 ®) | Endowment per FTE 4$00$500,000 ($63,000 M) Admit Rate = 20980% (50% M)

These universal increases aret surprising asmost institutions posted gas during this period. Theritical question
is whether our TOP institutions fared better worsethan peer institutiors that still required standardized tests of

5SD2AY 3 F2NBIF NRI Mediah NBLINBaSyida (GKS
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their applicants A 2015 study out of the University of Georgigelasco, 20143ought to answer this questioand

concluded thatin the aggregate, selective liberal arts colleges that adopted a TO#ifiparien with those that
continued to require SAT or ACT scores) haidncreasedheir enrollment of URM students or Pell recipientst Bu
focusing on theaveragel outcomes.that studymay not have been able to discern impact at the institutional level.

Recognizing that there is great variation among institutions in selectivity, size, financial resources and geographical
markets, and that not all testptional admission policies are the same, nor pursued with the same vigor, it seemed
appropriate to apply anore institutionallyfocused approach to answering this questids noted earlier, w asked

G§KS FTRYAaarz2ya RSIFY FTNRBY SFEOK 2F 2dzNJ LI NI AOALIcthda y3I Ay a
institutions they felt were most like theinstitution, andthat werein most direct competition for their students (i.e.,

nothy &l aLIANI GA2Y It ¢ Ay ad hddddaity2yeawindosgiaticwtStudgnsiadmittedddt OK (i K
both insftutions). Thenwe identified institutional matchcriteria to finalize the selection of the single, most
comparable, TesRequiredPolicy (TRAeer matckfor use in our analysis.

Comparisons are made using data from the same cohort years for thdR€esiired Peer as were submitted to us by
the TestOptional institution, but for these comparisons, all data for both institutions was drawn from IPEDS to ensure
consistency in the comparison.

The following chart illustrates whether each TOP institution experienced a greater or [Em®Emtagegain in
applications than their @st-Required Peer institution. We analyzed the application growth by using percentage growth
(rather than raw numbersto compensate for the varying sizes of institutions (enrollments range from approximately
1,500 to about R,000). Thus an applicant pool of 1,000 that increases to 1,100 would be represented as having
growth of 10%, and so would an applicant pool of 10,000 that increases to 11,000). The differences represented below
are theproportionatedifferences between the percgage growth of each TOP institutiondhits TestRequired Peer.

If a TOP institution experienced growth of 22% and its TR Peer experienced growth of 20%, the proportionate
difference represented below would be 10% (22%/20%) greater proportionate grawthd TOP institution.

In this chart we observe that 13 of 23 (57%) of the TOP institutions in our study experienced greatetionate

growth in overall applications than their TRP Peers during the same time period, while only six (26%) of them
expeaienced less application growth than their TRP Peers. Four experienced essentially the same level of growth (within
+/- 3%).

6 Data was pulled from IPEDSt®&enter. The following criteria was used to se(éam the list of peercompetitors identified by the dearthe
best possible TedRequired Peer: 1) Control typ@ublic or Private, 2) Similar URM proportion during the TORagliey cohort years, 3imilar
Pell proportion, or if unavailable, similar federal aid award proportion, during the TOPofiog cohort year, 4) Similar application pool size, 5)
Same general geography, 6) Carnegie Classification: Size and Setting.

7IPEDS enroliment data omdergraduates entering Fall 2016.
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Application Percentage Change, TOP-Peer Differential

TOP institution Growth > TRP Peer

Institutions

20% 40% 60% 80% 100%
Difference TOP - Peer Percentage Change

o
B

-60% -40% -20%

Figure?7. Application Change DifferentiallOP Institution versus PRPeer During Prand PostPolicy Cohort YeartPEDS daton corresponding,
averaged, prepolicy and pospolicy cohort year data on FTFT degseeking undergraduates.

Exclusionsi=our TOP institutions and respective matches were excluded due to lack of data available prior to TOP adogt@icyissarly
adopterg, and one additional TOP was eliminated due to lack of amatithed TR Peer.

23 TOP participants and matching TRP péd=46 | 1,164,546 Applicant Records

GThe policyhas worked, though it is not nearly as popular (wide
dzZaSRO Fa ¢S (GK2dZAK{ ’éstudedtdzt |
who would traditionally have been attracted to TOP were
already applying without being overly concerned if their test
d02NB& RARYQi NBLINBaSyid GkKS
Dean fromlarge private university

Doesa TOPhelp institutionsenroll more traditionally URM and lowSES students?
For the majority ofour TOP institutions, yes. Almost ial$titutions saw aisein URMapplicaions after TOP, and two
thirds of them saw that rise correspond to URM enroliment growth above that seen by a maiRReekrinstitution.
Half experienced Hetnrollment growth above aRFPpeer.

Based solely on the raw counts of URM applicants and enrotheedata showsghat all but oneof our TORnstitutions
experienced an increase WRM applicatios after TOPadoption. The overallwveerage increase iapplication count
was 835, with a slightly highemedian 0f938 Similarly, all but three of them increased their enrollment of URM
students after adoptiorof a TOP
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Institutions

URM Application Count Comparison: Pre-vs-Post Policy Years URM Enrollment Count Comparison: Pre-vs-Post Policy Years
®Fre-Policy ™ Post-Policy ®Fre-Policy W Post-Policy
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Figure 8. Pre-Policy vs. PosPolicy Comparison of Average URApplicationand Enrolinent Counts, by Institution.
Exclusions: Four policy early adopters and two institutions with unreliable URM data

22 Institutions| 74,770 URM Applicants13,613URM Enrolled
Enroliment = 1,500,000 (4,000 M) Endowment per FTE = $4,66800,000 ($60,00 M)| Admit Rate = 20980% (46% M)

"l looked at theaverage test scores of colleges, and if my scores didn't fit that ra
| just nixed them. That was the first time that | was presented with the idea that
could be optional; | didn't know. | would never have thought to apply to liberal
schooldn the Northeast!

Hispanic female from rural Texas

AY aa¢KS ¢Sad |y RDask2818) NIi

It is important to try to assess whethaffering the option to applyas a NorSubmitter actually increase the
proportion of underrepresented students wrahose to apply and roll at an institution, or didt simply shuffle the
deck, having no real impact on the composition of the cl&sén that this timeframe coincidedith a period of rapid
growth in the diversity of college applicants, we used the matched TRP Peers to assess any true diffehences.

differences in propoibns in the enrolling classes a®presented below in a manngarallel toFigure 9
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There were 14 of 23 (61%) of the TOP institutions that achieved proportionately greater increases in enrollment of
URM students than their FPees; one was essentially the sameitpin +/- 3%); and eight (35%ared less well than

their THP Peers. Enrollment of Pell Recipients was more evenly split, with 11 of 22 (50%) of the TOP institutions
increasing the proportion of Pell recipients more thweir TR Peers, three enrolling roughly the same proportions

and eight (36%) losing ground in comparison with thelP P&ers.

Enrolled URM Percentage Change, TOP-Peer Differential Enrolled PELL Percentage Change, TOP-Peer Differential

TOP Institution Growth > TRP Peer TOP Institution Growth > TRP Peer

Institutions
‘ ‘ ‘ I I I
‘ ‘ ‘ | | I I I s Institutions

Q
R

-60% -40% -20% 20% 20% 60% 80% _80% -60% 20% 20% 10% 60% 80%
Difference TOP - Peer Percentage Change Difference TOP - Peer Percentage Change

IS
=
=X
=)
x

*This matched pair was the only one in which the URM proportions for all reported classes for both the TOP and TRFP7Peer lesse so this
representation should be viewed with caution as the numbers are small.

Figure9. Enrolled URM and Pell Proportion Change Differentjdi©P Institution versus PReer During Prand PostPolicy Cohort Year$PEDS

data on correspondig, averaged, prpolicy and pospolicy cohort year data on FTFT degsseking undergraduatesnstitutions arenot aligned

across the two charts.

23 TOP participants and matching TRP pélr462

Finally, to summarize the pi#t®-post policy analysis, weompleted a statistical test to compare the institutional
averagedetween our TOP institutions and their TRP Peg&lss gatistical testing as outlined belowindicates that

our TOP institutions experierd greater application and URBhrolimentgrowththan their matched peer institutions.

la aSSy o0St263x dzaAy3a | &l GA&dA O fmedd leffeatzblietvdedn th8 F TS O
proportionate differences in the mean application growth and the mean URM enrollment growth for the TOP
institutions vs their matched THPeers. There is only a small effect size seen for Pell recipient enrollment proportions.
(Because the data was drawn from IPEDS, we could not compare growth in the enroliment of First Gen students.)

8 Note: In the Pell comparison, one additional TOP and its match were excluded because policy adoption occurred too reidaiNsfiinancial
aid data to be available. Prior to 2007 when Pell proportions were not @véil§ Ay Lt 95{ X LINRPLRNIA2Y 2F aqaddzRSyi
used.
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TOP INSTITUTION VS TRP PEER — COHEN’S D STATISTICAL COMPARISON OF MEANS

N Mean Cohen’s d
TOP Institution 23 .285 Medium Difference
oy
APPLICATION % CHANGE TRP Peer 23 179 (4)
TOP Institution 23 344 Medium Difference
[
URM PROPORTION ENROLL % CHANGE TRP Peer >3 217 (4)
TOP Instituti 22 .253 i
PELL PROPORTION ENROLL % CHANGE Ton small Difference
TRP Peer 22 210 (.1)

No Difference <01
Small Difference 0.1-0.3
Medium Difference 0.3-05

Large Difference >0.5

Figure 10EffectSize TOP vs TRP Policy Comparfeoverall ApplicantEnrolled URMandEnrolled Pell TOP Institution versus TRP Peer During
Preand PostPolicy Cohort Years. IPEDS data on correspondingyeamaverage, prpolicy and pospolicy cohort year datam FTFT degree
seeking undergraduates.

23 TOP patrticipants and matching TRP peers (N=46)

As a reminder, the charts above are measuring tdéference(between the TOP institution and its FReer) in the

F'Y2dzyG 27F aAYLINE @SYSy itas irtligated abavesll the KOPNdstifutioSs\hhiiicréakedrdthe. dz

actual number of applications. All but omeceived arincreasednumber ofapplications from URM students. All but

two enrolled more URM students. And all but one enrolled more Pell egtiRi Sothe institutions at the bottom of

SFOK OKI NI RARYQG FlLff 0SKAYRIPHed# @gitutiendzait RARY QO I RGI y O

Some additional observations in the comparisons aboaaght our interest

1  The institution that had the least growilin comparison to its TRRPeer) inapplications also had the least growth in Pell
recipients, buthad among the strongest growih URMenroliment, suggesting that this institution many have focused
its recruitment and enrollment efforts on this populati.

1 In a similar fligflop, the institution with the lowest comparative growth in URMroliment had amongthe highest
comparative growttin applicationsoverall

1  Three of the four public institutions in the study were included above, and it is interdstingte that all three of them
were among the eight that increasées thartheir TR Peers in enrolling URM students.

Worth noting, a small subset afstitutions repeatedlyappearedas outlierssh y G KS y S3I G§A @S¢ O2Y LI |
peer in the aboveharts.A later section of theeport (p. 46)will provide some additional perspective timese cases.

So it isclear that, in comparison to their PReer institutions, TOP institutions have varied outcomes relative to the

characteristics we assessddbwever, the overall comparissuggesta positive relationship between TOP policy
adoption and application growth, URM enroliment growth, and slightly less so, Pell enroliment growth.
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Doesa TOPnegatively impactthe patterns seen in admissions, fmo selectivity to
enrollment rates?

The answer is ndAll of the institutions thaprovided consecutive cohort years fpralicy to postpolicydata saw overall
application growth, and all but one saw URM application growtfew institutionssawan increa in selectivity.

A major concern about making a significant change in an admission policy is whether doing so will in some way have a
negative impact on the quantity, quality, or composition of the applicant pool and, ultimatelhe enrolled student
body.

Thefinal fourchartsin this sectiorinclude information from thel3 institutions that submitted data from the cohorts
immediately preceding and immediately following their adoption of a TOP. Wieileannotisolatethe impact of the
adoption ofthe policy from the impact of other changes occurring concurrettlylimiting this comparison to these
institutions, we were able to observe the changes that were synchronous withdliey adoption

At the applicant stage we see that aflthese TCP institutions had increases in the number of applications ranging
from trivial to a doubling of apps in tHeve-yearperiod. Andall but oneof them experienced substantive gains in the
number of applications submitted by URM students.

Application Percentage Change, Post-Pre Differential URM Application Percentage Change, Pre-Post Differential
Post > Pre App Growth Post > Pre App Growth
| |
] |
| |
| |
-~ I z I
c (=]
= =
: 2 I
% E
B =
|| |
| I
| |
| | ]
| |
-50% 0% 50% 100% 150% 200% -50% 0% 50% 100% 150% 200%
Application Percentage Change Differential (Post-Pre) URM Application Percentage Change Differential (Post-Pre)

Figure 11 Pre-Policy to PostPolicy Growthof URM Applications, by InstitutionThe institutions represented include thirteen public and private
TOP institutions in the study that providedhortsimmediately preceding and immediately following their adoption of a. TOP

Exclusions: Four policy early adopters and two institutions with unreliable URM data

All Applicants: 13 Institutions656,491Records

URM Applicants: 13 Institutioh4.38,482URMRecords

Enrollment = 2,000,000 (4,000 M) Endowment per FTE = $4,68$250,000 ($0,000 M)| Admit Rate = 20980% (45% M)
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G! FGSNI aSOSNIt &SI Na
AfricanAmerican enrollmets, our first yearof TOP
had a dramatic increase in AdfanAmerican,
Hispanic, and International apgs

Dean from large private universit

Although it is impossible to know what would have happened if these collegesidiaddopted a TesOptional
admission policy, the charts below suggest that their applicant pools haveufif@red subsequent to adopting the
policy. The first chart compares aspects of the funnel for all students in the cohorts during tp®ljgye (Test
Required) years against those of the ensuing fusicy (TesOptional) cohorts.

Thus, it appears thidor this group of colleges, the decision to adopt a TOP hahadtanegative impacbon their
admissionfunnelst 2 A f f dzA G NF S G KSI MR LB OX & & 6B Okrmisit officongpa@iso@K | NIi
as it provides a mukilimensional visualepresentation that allows the reader to simultaneously view the complete
range, the middle 50%, the mean and the mode, as well as any outliers, thereby illustrating the sonvetimes
variation between institutions and their experiences with TOP. Thewiolig outlines a brief guide to interpretation of

the subsequent charts:

Chart Interpretation Guide
4+—— UpperExtreme

+——  UpperQuartile

4+—— Median

X |¢——— Mean

+——  Lower Quartile

+——  lower Extreme

. +——  Outlier
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Admission Funnel Comparison: Pre-and-Post Policy Cohort Years
l Pre-Policy [l Post-Policy

100%
90%
80%
70% -
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Admit Rate Decision Rendered Proportion Decision Rendered Admit Rate Enrollment Rate

Figure 12. PréPost Policy Funnel OverviewCohort Years 2008016. The institutions represented include thirteen public and private TOP
institutions in the study that prodied cohorts immediately preceding and immediately following their adoption of a TOP.

Exclusions: Four policy early adopters

13 Institutions| 656,491Records

Enroliment = 2,000,000 (4,000 M) Endowment per FTE = $4,66250,000 ($60,000 M) Admit Rae = 20%80% (50% M)

The funnel patterns of the P#eolicy cohort years are very similar to thesPBolicy cohort years. The me and

median Admit Rates are marginally lower, as are the Enrollment Rates (Belkds applicant pools increase in size,

it is not unusual for the institutions to lseme somewhat more selectiveinSlarly, yield rates at colleges have tended

to decline over the past couple of decades as students, on average, have applied to an increasing number of colleges.

One study offeredtte opinion that colleges were becoming tegitional, not to increase diversity, but to appear more
selective(Belasco, 2014As readers will see later, the admit rate fidon-Submittels is modestly lowe but in the
chart above he modestoverall differencesin admit rates from preo-post TOP do not offer much credence to the
argument that colleges are recruitifdpn-Submitters only to turn them down.

The next view of the funnelfocusing exclusively on URM serdst displays similar, bunore exaggerategatterns.

The median Admit Rate and the quartile span during the-tgdional years is lower and widerfrom 16% to almost
60% -- compared to the testequired years. The Decision Rendered proportion is equivalent, but with some
significantly lower instittion outliers. However, the enrollment rate quartile range has a distinctly wider span,
indicating that some institutions saw a significant rise in yield, while others experienced .a drop
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URM Funnel Comparison: Pre-and-Post Policy Years
Il Pre-Policy [l Post-Policy

100%

- * ﬂ

80%

70% °

60%

50%

Rate

40%
30%

- *
10%

0%

Admits Decision Rendered Proportion Decision Rendered Admits Enrollment Rate

Figure 13. PrdPost URM Admission FunneCohort Years 2068016 The institutions represented include thirteen public and private TOP
institutions in the study that providedohorts immediately preceding and immediately following their adoption of a TOP.

Exclusions: Four policy early adopters, and two that did neéfeliable URM data

13 Institutions| 138,482 URMRecords

Enroliment = 2,000,000 (4,000 M) Endowment per FTE = $4,66250,000 ($60,000 M) Admit Rate = 20980% #5% M)

In summary, as noted elsewhere, there is great variation among the experiehcefieges that have adopted test
optional admission policies. And while it is seductive to believe one can make a single pronouncement about the impact
of adopting a TOPmuch of that impact varies based upon the specific institution, its competitigéipa in the world

of higher education, and the implementation and promotion of the teptional policy. Our participating TOP
institutions varied in size (~1,500 to3;200) and selectivitynjth admit rates ranging from ~15% to %). But the
experien@s of this particular batch of colleges suggests that the adoption of gonmtioted and welexecutedtest-

optional admission policy can reasonably lead to an increase in overall applications as well as an increase in the URM
representation (both numeriand proportionate) within the freshman class. As such, a TOP policy can provide one tool

to assist a college in attracting and enrolling a larger contingent of URM students.
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NONSUBMITTERROFILE

DoNon-Submittersand Submittersexhibit different funnel patterns?

The answer is yes. N@ubmitters are admitted dower rates, buenroll at significantly higher ratdban
Submitters. NotBubmitters go on tgraduate at ratesquivalentto Submitters.

In addition to assessing the broad impactofaTasii A 2y f T RYA&aaA2y LRfAdOé 2y |y A
enrolled classes, this study sought to identify any differences between the funnel patterns of the students who
submitted test resultsgubmitters) and those who chose not to submit test reasyiNon-Submittess) in the admission
process.The chart below illustratethe differences between these two groups at the various stages of the admission

funnel.

Mature TOP Policy Funnel Comparison: Submitter vs Non-Submitter
W Submitter [0 Non-Submitter
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Figure 14. Mature TOP Policy Admission Funi@&ipmitter vs. NoARSubmitter Comparison, \ith 5-Year Graduation Ratedata represents 14
public and private institutions in the study for which we had 5+year graduation data.

Exclusions: Two institutions with Academic Threshold policies, one that did not hav@ularitter proportions

14 Instituions | 166,561Records

Enrollment = 1,508,000 (2,500 M) Endowment per FTE = $5,6$800,000 ($100,000 M)Admit Rate = 15980% (45% M)

There are several notable differences, but perhaps the migstificant are that, on averagde 14 institutionsin the

chart above (those that hadt least 5yr graduation ratesavailable)admitted Non-Submittels atlower rates than

Submittess, and on awerage, thoseNon-Submittes enrolled (yielded at substantiallyhigherrates, and wentbon to

graduate atsimilarrates. The graduation rates from NeBubmitters at these mature TOP institutions have a wider

range and lowemeanthan seen among Submitters, however tReA T F SNBy O0Sa 0 S a&GgsandK S (¢ 2
mediars are within 34 percentage points. It is ingptant to note that this data represenigstitution averagesAs we

will illustrate later, pooled student data on average graduation sateows a comparable, but slightly different picture.
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Using the same lens, the chart belowmctiseson the admissioriunnel for underrepreseted minority (URM)students
(N.B. the chart below excludes two institutions thve¢re not able to present reliable URM data at thémit stage)
The URM funnemimics the patternseen in the All Student funnet institutions admitted URMNon-Submitters at
lower rates than URMsubmitters, but the URMNon-Submitteis enrolledat significantiyhigherratest anaverage of
14 percentage points higher than Submitter6 RM graduation rates are harder to reliably interprbgcause
graduated Non-SubmitterURM counts are low, but thdRM 5year graduation rates show equivalence between the
two groups.

URM Mature TOP Funnel Comparison: Submitter vs Non-Submitter
W Submitter [ Non-Submitter
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Figure 15. Mature TOP PolityRM Funnel,Submitter vs. NorRSubmitter Comparison, with 5Year Graduation Ratedata represents 12 private
TOP institutions with reliable URM data for Submitters and {Sobmitters and 5+Year graduation rates.

Exclusions: Two institutions with Academic Threshold policies, one that did not hav@u¥aritter proportions, and two that did not have reliable
URM dda. No public institutions had reliable data for this assessment.

12 Institutions | 26,245 URM ApplicaRecords

Enrollment = 1,508,000 (2,500 M) Endowment per FTE = $44,6$800,000 ($150,000 M)Admit Rate = 15980% (40% M)

The chart below includethe 8institutions that adopted TOPwore recenty, and thusdo not yet have graduation

rates to report. But thepatterns are similarg they admitted Non-Submittess at markedly lower rates, andNon-
Submittess enrolled at higher rates
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Recent TOP Policy Funnel Comparison: Submitter vs Non-Submitter
B Submitter [ Non-Submitter
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Figure 16. Recdrm OP Policy Admission Funn8libmitter vs. NorSubmitter Comparison, with 5Year Graduation Rate®ata for chart represents
8 public and private institutions that adopted a policy between 2013 and 2016, and therefore do not have graduation mepest t&xclusions:
Two institutions with Academic Threshold policies, one that did not haveSttimitter proportions.

8 Institutions | 246,565 ApplicarRecords

Enroliment = 2,000,000 (3,000 M) Endowment per FTE = $15,6$250,000 ($70,000 M) Admit Rae = 20%80% (50% M)

Figurel? below, an institutionby-institution comparison oflifferentials, shows that the majaty of theseinstitutions
(21 out of 25 admittedNon-Submitters at lower ratesthan Submitters. Howeverall but oneof theseinstitutions (24
of 25) sawNon-Submittes enrolling at higher rates tha®ubmittess.

Decision Rendered Admit Rate Differential: Non-Submitter - Submitter Enrollment Rate Differential: Non-Submitter vs Submitter
Submitter Rate > Non-Submitter Non-Submitter Rate > Submitter
&hmiterRote> Non-submitter
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Note that shaded barslentify thepublic institutions.
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Figure 17. InstitutionAdmit and Enrollment Rate Differentials: NeBubmitter vs. Submitter 25 public and private institions with reliable Non
Submitter data. Exclusions: Two institutions with Academic Threshold policies, one that did not haSebuaitter proportions.

25 Institutions [396,921Decision RendereRecords

Enrollment = 1,50@0,000 (2,500 M) Endowment er FTE = $5,006800,000 ($70,000 M) Admit Rate = 15980% #0% M)

In a few instances, collegasR Sy G A T A SR E that plabal additiéngl FefuiramendgMNon-Submittess (e.g.,

a required interview or written responses to additional questioms)y have increased their gross numberNsdn-
Submitter applicants, but had a loweaverage completion ratethereby depressing the number of their Decision
Rendered(DR)Non-Submittess. In a couple of cases, after adopting a TOPinaneasein URM appdglid not carry
through to an increase in the number admitted, because there was a largefftailthe number ofURM that received

a decision (which we assume was due to lack of completed)appsillustratedbelow, a lower proportion of the
applicants toéOptional Plué institutions than( 2 & h Lfdii A 2 iffditfitions (78% vs 90%) actually received a
decision.

Admission Funnel Comparison: Optional for All vs Optional Plus Policies

W Optional for Al B Optional Plus

Admit Rate

DR Proportion

DR Admit Rate

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%
Percent

Figure 18Policy Comparison, by Phase of the Funrii&boled Student DataThe chart represents data from the 25 public and private TOP
institutions with the appropriate policies. Exclusions: Two institutions with Academic Threshold policies, one that did mdbm&ubmitter
proportions

25 Institutions| 479,008Records

Enroliment = 1,500,000 (2,500 M) Endowment per FTE = $5,66800,M0 ($70,000 M) Admit Rate = 15980% 40% M)
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Who areNon-Submitters of testing?

l'a Ay (DefningtPramise d¢a [liudzRriepresented minorities, Fik§eneration studentsyomenand Pell
Recipientsare more stronglyrepresented amongNon-Submitters. Black/AfricarAmericans chee to be Non
Submitters at higher rates than other racial/ethnic groups.

When given the opportunity, who choosesbe aNon-Submitter? Based on jusinder 500,00 records oftudents
applying to these 2collegesunder a tes-optional policy, we found that some important subgroups of students stood
out as using the policy at higher rates than other studsutbgroups.

Asfound inourpriddd & (0 dzR& X & 5 StHeNghBybaitet sident §réuSntlédedlarger proportionsof URM
students,FirstGeneration students, and Pell Recipietitan seen in theSubmittergroup. Similarly, women chose to
be Non-Submitters at higher rates than men.

Underrepresented Minority First-Generation-to-College
Applicants Applicants

Non-Submitter Submitter Non-Submitter Submitter
eratio

First Generation

Pell-Recipients Gender

Admits* Applicants

Non-Submitter Submitter | p, Non-Submitter Submitter
125

4

*Please note that Pell data is not available at the Applicant stage, so this fimpogpresents Admits.

Nonpel
7%

Figure 19.Percentage of Select Student Demographic Segments,-Nobmitter vs. Submitter ComparisorPooled Student DataEach set of
charts represent data from a subset of institutions that provided reliable data. Exclusion@&titigions with Academic Threshold policies, one
that did not have NofSubmitter proportions.

URM: 24 Institution$ 470,273Recordqof which99,298 are URM)

FirstGenerationto-College: 22 Institutions 384,703Recordgof which 62,626 are First Gen)

Pell: 16 Institution$ 110,901Recordgof which 16,016 are Pell Admits)

Gender: 23 Institutiorfs| 379,605Recordgof which 224,975 are Female)

Enroliment = 1,500,000 (2,500 M) Endowment per FTE = $6,56800,000 ($100,000 M)Admit Rate = 15980% (50% M)

° Note thattwo of our larger institutions did not submit gender data, bringing our count down to ¥3. A 2 gedemaegory was offered, but
there was very limited datatorégS & Sy i 2 A GK GKS SEOSWIiA2Yy 2F 2yS AyadAaddziazy gKSNB
hasalsobeen excluded from this average.
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The pie charts aboveomparethe proportions of theNon-Submitters and Submitters that were members of ea€h
the designatedsubgrours. Thetable belowdisplays the distribution of the applicants based oacial and ethnic
status.Although Whites have the largest representation among both Submitters and8ldmmitters we can see
here that Hispanic and Black studebtsth hadsubstantiallyhigher proportionate representation among the Non
Submitters tharamongthe Submitters.

Distribution of Non-Submitters and Submitters, by Racial/Ethnic Group
Applicants

Non-Submitter  ® Submitter

Figure 20Distribution of NonSubmitters and Submitters by IPEDS Racial/Ethnic Student GrBopled Student Datal wenty-four institutions
provided reliable Submitter and NeBubmitter URM data.

Exclusions: Two institutions with Academic Threshold policies,haelid not have NoiSubmitter proportions, and two with unreliable URM data.
24 Institutions| 470,273Records

Enroliment = 1,500,000 (2,500 M) Endowment per FTE = $6,56800,000 ($100,000 M)Admit Rate = 15980% (50% M)

As illustratel in Fig20 above, the cadre of students choosing to apply as HSabmitters has disproportionate
representation from theBlack and Hispangroups. Howevethe reader should recall that it it the case that Non
Submitterscomprise a majority of any of these gnes So, for instance, while a larger proportion of the Non
Submitters areBlackstudents, amongll the Blaclstudents,38%applied as NofSubmitters, as seen below kig21.
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The Reverse View: Percentage of Racial/Ethnic Groups Who Chose to be Non-Submitters
Applicants

Non-Submitte

Figure 21 Percentage of Applicants Who Chose to be Neabmitters by IPE® Racial/Ethnic Student Groug8ooled Student DataTwenty-four
institutions represented with reliable Submitter and NS8abmitter Racial/Ethnic applicant data.

Exclusions: Two institutions with Academic Threshold policies, one that did not hav@ulaotiter proportions, and two with unreliable URM data.
24 Institutions| 99,370 NorSubmitterRecords

Enroliment = 1,500,000 (2,500 M) Endowment per FTE = $6,56800,000 ($100,000 M)Admit Rate = 15980% (50% M)

In thefigure above, wawere somewhatsurprised to findalmost20% of norresidentaliens listed adlon-Submitters.

In the early years of TOP, almost all resident aliens were required to submit testing, on the (perhaps flawed)
assumption that institutionseeded these tests avidence é English fluency. It does appear that some international
students are now being permitted to apply B®n-Submittess, perhaps from schools with English as the language of
instruction, or because American international admissions officers know schoaacdhfar better or perhapssome

of these areundocumented students But we are not completely confident of thidon-Submitter statistic for
internationals. It may be that some students are submitting TOEFLS, IBs or othevhiettare not being recorda
along with SATs and ACTs in college data files.

In the chart below, ote the higher proportionsf students from parochial and independent schools who chose to be
NonSubmittes. Itis perhaps a bit counterintuitive, given the proportional preferenagnoferrepresented minorities

and firstgeneration students to bé&onSubmittels. But recognizingthe average ratios o§chool counselorto-

students in these three types of high schqal® might imagine that students in public schools are getting less on

point advice about how to use a TOP to their advantage. Jerome Lucido comments on this issue in his recent essay on
optional testing, positing that the gaps in TOP use by high school type may reflect wildly undgga colinseling
resourceqLucido, 2@8).
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Distribution of Non-Submitters and Submitters, by High School Type
Applicants

Non-Submitter @ Submitter
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Figure 22 Distribution of NonSubmitters and Submitters by High School Typwoled Student DataSeventeen institutions represented with
reliable Submitter and NeSubmitter data on High School Type. Exclusions: Two institutions with Acadeestditi policies, one that did not
have NorSubmitter proportions.

17 Institutions| 335,904Records

Enroliment = 1,500,000 (2,500 M) Endowment per FTE = $10,6$800,000 ($100,000 M)Admit Rate = 15980% (43% M)

We are not surprised to see TORsoabeing steadily used by students with excellent access to college counseling. It

is a descriptive rather than judgmental comment that soNen-Submitters appear to bea | OOdzNJ (G Sf & LJX I &
O2NYySNEE Ay GKSANI O2f f S3ScollegdldbunsBlord] Niese SthderksSargbSd@ nod avel R @A
high testing in their favor, but they will have an accumulation of other attributes, starting with solid to spectacular
transcripts, but often including evaluations for athletics, the arts, leadprdegacy status, geography, language or

cultural backgrounds, and service commitments. In this respect, as in so many olieslicyturns out to bea

helpfultool for complex and varied posbf students.

Because standardized tests often presenéapl challenges for students with Learning Differenbesh this study
and the 2014 study attempted to ascertain whether LD students gravitated toward Beingubmitters. Most of our
institutions did not systematically collect this information durihg application process, and even after students were
enrolled, it was not systematically stored as retrievable d&&e were, however, able to gather small pool of
information from nine institutions in the study.

As indDefining Promisg¢ we found LD students represented a higher portion of th&lon-Submitters than the

Submitters(7% versus %).However, thepool of datais limited, so can only suggest broadeends. As with other
facets of TOP efforts, Lfdudentaccesss a research project with potdially very high rewards, waiting to be done.
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Figure 23Percentage of Enrolled Students with Learning Differences (LD);Slaomitter vs. Submitter Comparisoi®ooled Student DatalNote

that LD identification from institutions was provided at the ergdlistudent level. Exclusions: Two institutions with Academic Threshold policies,
one that did not have Noubmitter proportions.

9 Institutions| 19,018Recordgof which 972 are LD)

Enroliment = 1,5020,000 (2,000 M) Endowment per FTE = $10,6$800,M0 ($40,000 M) Admit Rate = 15965% (40% M)

We also notedequivalent proportions of athletes choosing to b&lonSubmittels and Submittels which, in the
aggregate we suspect may be a cressrrent of oppositesWhile Division lathletes are required biNCAA regulations
to submit testing as paof their applicationsa good many of the institutions in the study have teams at tHd IBvels
and their coaches have demonstrated a proclivity to actively encourage t@sgng athletic recruits to apply dsorn+
Submittes.

Similarly we found equivalent rates of Early Decision or Early Action use aBuwmgittess and Non-Submittess of
testing, both at roughly a quarter of the applicants. So théRarly¥ plans seem to havequalappeal to either group.

Figure 24 Percentage of Athletes and Early Decision/Early Action Applicants,-NSobmitter vs. Submitter Comparisoifooled Student Data.
Each set of charts represents data from a subset of institutions that provided reliable data on Athletes, amibimstihat offered either an ED or
EA program. Exclusions: Two institutions with Academic Threshold policies, one that did not h&ebNuvtter proportions.

Athlete: 16 Institutiong 261,047Records

ED/EA: 22 Institutions437,318Records

Enrollment =1,50010,000 (2,500 M) Endowment per FTE = $10,6$800,000 ($100,000 M)Admit Rate = 15980% (40% M)

An exploration othe use of TOP based student home geographsevealed ahigher share oNon-Submittes in this

study from the Middle Atlantic ahNew England states, but this may be partially explained by the distribution of TOP
institutions. While our study includes institutions from 14 states, 20 of our 28 institutions are located in New England
or the Mid-Atlantic. And of the 21 that providedita for thisgeographicatomparison,16 were in those two regions.
There are higher concentrations of TOP collegeswamdersities on the East Coamtd Non-Submittels appear to be
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